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(57) Abstract 

A signal processing system is used in the manufacture of chemical compound to predict which molecules may have a required 
property for the compound. In the signal processing system, signals defining molecules in a training set and a measured property of each 
molecule are processed to produce fixed length signals encoding each molecule by (i) identifying for each molecule active atoms which 
may cause the molecule to react, and physical properties; (ii) denning each unique group which contacts a given number of the active atoms 
as a "key" in terms of the atoms and their relative positions; (iii) determining the contribution each key makes to the measured property 
of molecules containing the key; (iv) forming a histogram of the contributions of the keys in a molecule; and (v) encoding the molecule 
using the histogram values and the physical properties. The training data is used to train a neural network. A further molecule is encoded 
as before, but using the individual key contributions defined during training. The trained neural network is used to predict the property of 
the further molecule. 
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APPARATUS AND METHOD FOR USE IN THE MANUFACTURE OF 

CHEMICAL COMPOUNDS 

The present invention relates to an apparatus and method 
5 for use as a tool in the manufacture of chemical 
compounds, for example medicaments. More particularly, 
the present invention relates to an encoding apparatus 
for use in a processing system which processes input 
signals to produce a signal predicting a property of a 
10 chemical molecule. The encoding system processes signals 
defining the molecule to produce encoded signals suitable 
for input to the processing system. 

In the manufacture of new chemical compounds, it is often 
15 necessary to test many molecules to determine which ones 
have the required properties for the compound. For- 
example, in the manufacture of a cancer drug, it is 
necessary to test molecules to determine the activity of 
each molecule against a cancer assay. Such tests are 
20 time consuming and expensive to perform. 

Processing systems have been proposed which process input 
signals defining a molecule to predict a particular 
property of the molecule. These systems include neural 
25 networks and processing systems performing regression 
analysis . 



WO 99/35599 



PCT/GB99/00046 



2 

Such systems, however, require the input signals defining 
the molecule to be of a fixed length (predetermined 
number of input bits)* In neural networks, for example, 
an input neuron is provided for each element of the input 
5 signal. Accordingly, if the length of the input signal 
is unrestricted, then the neural network has to have an 
infinite number of input neurons in order to accommodate 
all possible inputs. In addition, it has been shown that 
the training of neural networks is less successful if the 

10 input signal is not distributed across all of the input 
neurons for all of the input molecules (for example if 
the input signals vary from a small length for some 
molecules which uses a small number of the input neurons, 
to a large size for other molecules which uses a large 

15 number of the input neurons). 



"New Trends in Structure-Biodegradability Relationships" 
by Cambon and Devillers, Quant, Struct-Act. Relat. 12, 
49-56 (1993) describes a neural network which is used to 

20 predict whether a molecule is weakly or highly 
biodegradable. Eleven structural features associated 
with persistent or degradable chemicals were identified 
from the literature and input molecules to the neural 
network were defined using an input signal of eleven 

25 binary digits, with each digit corresponding to one of 
the structural features and having a value of 1 if the 
structural feature was present in the input molecule and 
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0 if the structural feature was not present in the input 
molecule, A large number of structural features may be 
necessary to completely describe a large molecule. To 
decrease this number, the statistical method of 
5 correspondence factor analysis was performed on a matrix 
comprising the eleven Boolean values for each of the 
input molecules . The factor coordinates were then 
introduced as inputs to the neural network. 

10 "A General QSAR Model for Predicting the Toxicity of 
Organic Chemicals to Luminescent Bacteria (Microtox® 
Test)" by Devillers, Bintein, Domine and Karcher in SAR 
and QSAR in Environmental Research, Vol 4, pages 29-38 
describes the use of a backpropagation neural network to 

15 predict toxicity values of chemicals. An autocorrelation 
method was used to compute an autocorrelation vector 
encoding the hydrophobicity of the molecules and to 
compute an autocorrelation vector encoding the molecular 
ref ractivity . Stepwise regression analysis was then 

20 performed on the first ten components of these 
autocorrelation vectors to give nine autocorrelation 
components, on which principal components regression was 
carried out to produce a plurality of principal 
components . These principal components were then used 

25 as inputs to the neural network. The use of 
autocorrelation vectors to describe molecules is 
described further in "Autocorrelation of Properties 
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Distributed on Molecular Graphs" by Broto and Devillers 
in Practical Applications of Quantitative Structure- 
Activity Relationships (QSAR ) in Environmental Chemistry 
and Toxicology (Karcher and Devillers Eds), Kluwer 
5 Academic Publishers, Dordrecht pages 105-127. 

The encoding of the details of a molecule in a fixed 
length format results in a loss of information about the 
molecule, however. Accordingly, the subsequent accuracy 
10 of the system which uses the input signals to predict the 
properties of the molecules depends upon the information 
which is encoded and the way in which it is encoded. 

The present invention has been made with the above 
15 problems in mind. 

According to the present invention there is provided a 
signal processing apparatus or method in which a molecule 
is encoded on the basis of groups of atoms within the 
20 molecule. 

The present invention provides a signal processing 
apparatus or method for use in training a processor such 
as a neural network, in which signals defining input 
25 molecules are processed to define groups of atoms within 
each molecule, a property of each group is calculated, 
and each molecule is encoded on the basis of the groups 
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within the molecule and the calculated properties of 
those groups , 

The invention also provides a signal processing apparatus 
5 or method for use with a processor such as a trained 
neural network, in which signals defining an input 
molecule are processed to define groups of atoms within 
the molecule, and the molecule is encoded on the basis 
of the defined groups and a property of each group 
10 previously calculated during training* 

The invention further comprises a process of 
manufacturing a chemical compound, such as a medicament, 
in which a property of a molecule is predicted on the 
15 basis of groups of atoms within the molecule, and the 
compound is made using a molecule predicted to have a 
suitable property for the compound (after testing of the 
molecule to confirm the predicted property if necessary) - 

20 The invention further comprises a compound containing a 
molecule predicted to have a property on the basis of 
groups of atoms within the molecule using a signal 
processing apparatus or method, 

25 Embodiments of the invention will now be described by way 
of example only with reference to the accompanying 
drawings, in which: 
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Figure 1 shows the steps performed in an embodiment to 
manufacture a compound; 

Figure 2 schematically shows the components of a 
5 processing apparatus used at step S2 in Figure 1; 

Figure 3 shows a block diagram of the functional 
processing elements in the apparatus of Figure 2 used 
during analysis of known data to train the processor; 

10 

Figure 4 shows the processing steps performed by the data 
encoder in Figure 3; 

Figure 5 shows the structure for the example molecule 
15 glutaminyl; 

Figure 6 shows the Molfile for glutaminyl; 

Figure 7 schematically illustrates the information used 
20 to encode a plurality of atoms as a "key" for a molecule; 

Figure 8 shows the keys for glutaminyl; 

Figure 9 illustrates the key information stored within 
25 the key "library" store after the keys for one imaginary 
molecule have been identified; 
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Figures 10a, 10b f 10c and lOd show respectively the 
structure, Molfile, active atoms and keys for the 
molecule thymine ; 

5 Figures 11a, lib, 11c and lid show respectively the 
structure, Molfile, active atoms and keys for the 
molecule adenine; 

Figures 12a, 12b, 12c and 12d show respectively the 
10 structure, Molfile, active atoms and keys for the 
molecule guanine ; 

Figure 13 illustrates the key information stored in the 
key library store after the keys for four imaginary 
15 molecules have been identified; 

Figure 14 schematically illustrates the data stored in 
the key property store after a property value has been 
calculated for each individual key; 

20 

Figures 15a, 15b, 15c and 15d show key histograms for the 
example molecule 1, 2, 3 and 4 in Figure 13 respectively; 

Figure 16 shows a block diagram of the functional 
25 processing elements in the processing apparatus of 
Figure 2 used during the analysis of a molecule to 
predict one or more of its properties; 
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Figure 17 shows the processing steps performed by the 
data encoder in Figure 15; and 

Figure 18 shows the key histogram for the example 
5 molecule 1 in Figure 13 produced in a second embodiment. 

Figure 1 shows the steps taken to manufacture a compound 
in an embodiment of the invention . 

10 Referring to Figure 1, at step S2, signals defining 
molecules having known properties ( for example as 
determined by experiment) are processed together with 
signals defining molecules with untested properties to 
predict the untested properties, (and hence determine 

15 which of the untested molecules may have the required 
properties to produce a compound with the desired 
characteristics ) . 

Figure 2 shows a block diagram of the general arrangement 
20 of a signal processing apparatus used at step S2 to 
predict the properties of molecules. In the apparatus, 
there is provided a computer 2, which comprises a central 
processing unit (CPU) 4 connected to a memory 6 operable 
to store a program defining the operations to be 
25 performed by the CPU 4 and to store the signals processed 
by CPU 4. 
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Coupled to the memory 6 is a disk drive 8, which is 
operable to accept removable data storage media, such as 
a disk 10 , and to transfer data stored thereon to the 
memory 6 . Operating instructions for the central 
5 pr oc e s s ing unit 4 may be input to the memory 6 f r om a 
removable data storage medium using the disk drive 8. 

Data to be processed by the CPU 4 may also be input to 
the computer 2 from a removable data storage medium using 
10 disk drive 8. Alternatively, or in addition, data to be 
processed may be downloaded into memory 6 via a 
connection from a local or remote database which stores 
the data. The connection could, for example, be the 
Internet . 

15 

Coupled to an input port of CPU 4, there is a user- 
instruction input device 14 , which may comprise, for 
example, a keyboard and/or a position-sensitive input 
device such as a mouse, a trackerball, etc. 

20 

Also coupled to the CPU 4 is a frame buffer 16, which 
comprises a memory unit arranged to store image data 
relating to at least one image generated by the central 
processing unit 4, for example by providing one (or 
25 several) memory location(s) for a pixel of the image. 
The value stored in the frame buffer for each pixel 
defines the colour or intensity of that pixel . 
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Coupled to the frame buffer 16 is a display unit 18 for 
displaying the image stored in the frame buffer 16 in a 
conventional manner. Also coupled to the frame buffer 
16 is a video tape recorder (VTR) or other image 
5 recording device, such as a paper printer. 

A mass storage device, such as a hard disk drive, having 
a high data storage capacity, is coupled to the memory 
6 (typically via the CPU 4), and also to the frame buffer 
10 16 . The mass storage device 22 can receive data 
processed by the central processing unit 4 from the 
memory 6 or data from the frame buffer 16 to be displayed 
on display unit 18. 

15 Data processed by CPU 4 and stored in memory 6 may also 
be recorded onto a removable data storage medium (such 
as a disk 10) using the disk drive 8, thereby enabling 
processed data to be exported from the machine. 
Processed data may also be exported by transmitting a 

20 signal conveying the data, for example, over a 
communication link (not shown), which could comprise the 
Internet . 

CPU 4, memory 6, frame buffer 16, display unit 18 and 
25 mass storage device 22 may form part of a commercially 
available complete system, for example a conventional 
personal computer (PC). 
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Operating instructions for causing the computer 2 to 
perform as an embodiment of the invention can be supplied 
commercially in the form of programs stored on disk 10 
or another data storage medium, or can be transmitted as 
5 a signal to computer 2, for example over a data link (not 
shown ) so that the receiving computer 2 becomes 
reconfigured into an apparatus embodying the invention. 

Processing is performed by computer 2 in two stages - a 
10 first stage to process signals defining known molecules 
and their known properties to train a neural network, and 
a second stage to process signals defining molecules with 
unknown properties to predict the properties using the 
trained neural network. 

15 

Figure 3 shows, as a block diagram, the functional 
elements within computer 2 used during the training stage 
to process signals defining known molecules and their 
known measured properties, 

20 

Referring to Figure 3, at a top level the functional 
elements comprise a data encoder 30, and a neural network 
60. The components within the data encoder 30 will be 
described below with respect to the processing operations 
25 performed. The neural network 60 in this embodiment is 
a conventional backpropagation neural network with three 
layers, having 15 neurons in the input layer, 27 neurons 
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in the hidden layer and 1 neuron in the output layer. 
The instructions for causing computer 2 to be configured 
to have these functional elements may be input on a data 
storage device via disk drive 8, may be input over a 
5 communication link, for example from a remote source, or 
may be input directly using user-input device 14. 

Signals defining a plurality of molecules, M^Mn, in 

terms of conventional "Molfiles" and signals defining a 
10 measured value, Pi-P n , for a property of each respective 

molecule are input to data encoder 30. The molecules M 2 - 
and their properties P!~P n may be identified from the 

literature or from laboratory tests etc. Data encoder 

30 processes the signals to produce a finite number of 
15 signals as inputs, Ii-Ii, to neural network 60 for each 

input compound M. These signals define an encoding of 

the input molecule M. 

In this embodiment, data encoder 30 produces 15 signals 
20 (I1-I15) to encode each molecule, as will now be 
described . 

Figure 4 shows the processing steps performed in data 
encoder 30. 

25 

Referring to Figure 3 and Figure 4, at step S20, molecule 
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analyser 32 reads the Molfile defining the first input 
molecule Mj from the Molfile store 34 in which it was 
stored after input to data encoder 30. The Molfile 
specifies the atoms and their structural relationships 
5 within the molecule, and has the conventional format used 
in the ISIS system of MDL Information Systems Inc. By 
way of example, the Molfile for the molecule glutaminyl, 
whose structure is shown in Figure 5, is given in 
Figure 6 . 

10 

Referring to Figure 6, the Molfile comprises the 
following conventional units as described in the ISIS 
documentation from MDL Information Systems Inc: a header 
block (containing background information such as users' 

15 initials, program name, date/time, dimensional codes, 
scaling factors, energy, and registry number), a counts 
line (which specifies the number of atoms, bonds and atom 
lists, the chiral flag setting and the connection table 
version), an atom block (which specifies the atomic 

20 symbol and any mass difference, charge, stereo chemistry, 
and associated hydrogens for each atom), and a bond block 
(which specifies the two atoms connected by each bond, 
the bond type, and any bond stereo chemistry and chain 
or ring properties ) . 

25 

Other units in the conventional connection table within 
the Molfile are not used in this embodiment. 
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Referring again to Figure 4, at step S22, molecule 
analyser 32 processes data defining the molecule read 
from the Molfile at step S20 to identify "active" atoms 
within the molecule, that is, atoms which are likely to 
react to contribute to the molecule having the measured 
property (for example when the molecule comes into 
contact with another molecule, or when the molecule is 
exposed to certain conditions). 



10 In this embodiment, molecule analyser 32 identifies 
active atoms as atoms which satisfy one or more of the 
following conditions: 



(1) If the atom is not hydrogen or carbon, it is 
15 identified as an active atom. 



(2) If the atom is charged, it is identified as an 
active atom. 



20 (3) Each aromatic ring in the molecule is considered to 

have a "virtual" atom at its centre which is 
active . 



The active atoms identified at step S22 are stored in the 
25 active atom store 36. 



Also at step S22, molecule analyser 32 processes the 
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information in the Molfile to determine the following 
physical properties for the input molecule: 

i) the number of aromatic rings in the molecule; 

5 

ii) the percentage of active atoms in the molecule; 

iii) the percentage of atoms which are carbon; 
10 iv) the percentage of atoms which are oxygen; 

v ) the percentage of atoms which are nitrogen . 

By using percentage values for properties (ii) to (v) 
15 above, a number of predetermined size is obtained. 

The physical properties calculated at step S22 are stored 
in the physical property store 38. 

20 Referring, by way of example, to Figure 5 which shows the 
structure of glutaminyl, the processing performed by CPU 
4 at step S22 would identify oxygen atoms 70, 12 and 
nitrogen atoms 74, 76 as active atoms because they are 
not hydrogen or carbon atoms. No atom in the glutaminyl 

25 molecule is charged and, therefore, no additional active 
atoms are identified using test (2) above. Similarly, 
there are no aromatic rings to produce "virtual" active 
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atoms (test (3) above). The processing performed at step 
S22 by CPU 4 would also identify the following physical 
properties for the glutaminyl molecule: 

5 - aromatic ring count = 0 

percentage of active atoms = 4/19 = 21.05% 

percentage of carbon atoms = 5/19 = 26.32% 

10 

percentage of oxygen atoms = 2/19 = 10.53% 
percentage of nitrogen atoms = 2/19 = 10.53% 

15 Referring again to Figure 4, at step S24 , key definition 
module 4 0 reads the active atoms identified at step S22 
from the active atom store 36 and the Molfile from the 
Molfile store 34, identifies each unique group which 
comprises a predetermined number (in this embodiment 3) 

20 of the active atoms and encodes each group by defining 
the atoms in the group and their relative positions. 
This encoded information is referred to as a "key" . 

Figure 7 schematically illustrates the information 
25 encoded in a key. 

Referring to Figure 7, each of the three atoms in a group 
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is encoded using its atomic number, and the relative 
positions of the atoms are encoded using the distance 
between each pair of atoms (in this embodiment this is 
defined as the smallest number of bonds which must be 
5 traversed within the molecule from one atom to the other) 
and the degree of freedom of the bonds between each pair 
of atoms (in this embodiment this is determined by adding 
the degree of freedom of each individual bond considered 
in the distance measurement for the atoms, with the 
10 degree of freedom of a bond being defined as 1 if it is 
a single bond (representing the ability of the bond to 
move) and 0 if the bond is a double bond, a triple bond, 
or if it is within a ring structure). 

15 The key encoding performed in this embodiment enables 
compositional and topological data describing a molecule 
to be encoded in a fixed length signal. Also, the 
encoded information is independent of the conformal 
states of the molecule. 

20 

Figure 8 shows the keys for the molecule glutaminyl . 

Referring to Figure 8, the first key listed comprises the 
numbers 778552541, which are derived as follows. The 
25 atoms in the first key comprise nitrogen atoms 74 and 76 
and oxygen atom 70. These atoms have atomic numbers of 
7, 7 and 8 respectively, which form the first three 
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numbers in the key. 

The minimum number of bonds in the molecule between 
nitrogen atom 74 and nitrogen atom 76 is 5, and since 
5 each of these bonds is a single bond, each has a degree 
of freedom of 1 so that the total degree of freedom of 
the bonds between nitrogen atoms 74 and 76 is 5. The 
bond distance 5 forms the fourth number in the key and 
the degree of freedom number 5 forms the seventh number 

10 in the key. Similarly, the minimum number of bonds 
between oxygen atom 7 0 and nitrogen atom 7 6 is 5 (the 
fifth number in the key) but, since one of these bonds 
is a double bond, which is assigned a degree of freedom 
of 0, the total degree of freedom for the bonds is 4 (the 

15 eighth number in the key) . The number of bonds between 
nitrogen atom 74 and oxygen atom 70 is 2, (the sixth 
number in the key) having a total degree of freedom of 
1 (the ninth number in the key). 

20 Although in Figure 8 the atomic numbers, network 
distances, and degrees of freedom are shown in a specific 
order, any order can be used, so that a given key can be 
written in a number of different ways. For example, the 
first key, 778552541, could equally be defined as 

25 877255145, for example. 

The total number of keys for the glutaminyl molecule is 
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four, as set out in Figure 8 , since it is possible to 
define four unique groups which each contain three active 
atoms . 

5 Referring again to Figure 4, at step S26, key definition 
module 40 stores the keys defined at step S24 in a key 
"library" within key library store 42. 

Figure 9 schematically illustrates the storage of this 
10 information for an imaginary molecule (molecule 1) having 
four imaginary keys in the storage library. 

In this embodiment, information is stored identifying 
each key and the molecule in which that key may be found. 

15 

Referring again to Figure 4, at step S28, CPU 4 
determines whether there is another molecule in the input 
training set. Steps S20 to S28 are repeated until all 
molecules in the training set have been processed in the 
20 manner described above to define and store their keys. 

Figures 10a, 10b, 10c and lOd show respectively, by way 
of further example, the structure of the molecule 
thymine , its Molf ile , its active atoms , and its keys . 
25 Referring to Figure lOd, the degree of freedom of the 
bonds between each pair of atoms in each key is 0 because 
all of the active atoms are either in an aromatic ring 
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or connected to the aromatic ring with a double bond. 

Figures 11a, lib, 11c and lid show respectively the 
structure, Molfile, active atoms and keys for the 
5 molecule adenine. Referring to Figure 11c, the virtual 
atom (marked *) at the centre of the aromatic ring is 
defined as an active atom. Referring to Figure lid, it 
will be seen that the atomic number of the virtual atom 
is defined as 0 in each key containing this atom, and 

10 that the network distance between any of the "real" 
active atoms and the virtual active atom is the minimum 
number of bonds which connects the real active atom to 
the aromatic ring which has the virtual atom at its 
centre. Figure lid also shows that the key 770321000 

15 (marked *) appears twice in the molecule adenine. 

Figures 12a, 12b, 12c and 12d show respectively the 
structure, Molfile, active atoms and keys for the 
molecule guanine. Referring to Figure 12d, the keys 
20 777325011 and 777523110 are identical (as noted above, 
the numbers in a given key can be defined in different 
orders ) , and therefore this key occurs twice in the 
molecule guanine. 

25 Figure 13 shows the information stored in key library 
store 42 after step S26 (Figure 4) has been repeated for 
all molecules in the training set. Figure 13 illustrates 
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the information stored for four imaginary molecules (not 
the real molecules described by way of example above) 
having ten imaginary keys . The information stored in key 
library store 4 2 defines a superset of the keys in the 
5 molecules (that is , each key in every molecule), and the 
molecules in which each key is found. 

Referring again to Figure 4, at step S30, key analyser 
44 reads the molecular properties Pi-P n from a measured 
10 property store 46 in which they were stored after input 
to data encoder 30. 

At step S32, key analyser 44 uses the key information 
stored in the key library store 42 at step S26 and the 
15 molecular properties read at step S30 to define a value 
representing the contribution each key makes to the 
property in a molecule. 

Key analyser 44 determines the property for each key in 
20 dependence upon the molecules in the training set in 
which the key is found and the values of the property for 
each of those molecules. In this embodiment, key 
analyser 44 determines the contribution a given key makes 
to the property value P of each molecule in which the key 
25 is found as follows: 



BNSDOCID: <WO 99Q5599A 1J_> 



WO 99/35599 



PCT/GB99/00046 



22 

number of times key appears 
Contribution of key in molecule H t 

to property value V t = 

of molecule M t total number of molecules 

5 in which key is found 

(1) 

Key analyser 44 then stores for each key the calculated 
contribution in key property store 48. 

10 

To illustrate the processing performed in this embodiment 
at step S32, an example will be given in which the 
property is, for example , the activity of each molecule 
gainst a predetermined cancer assay f having a value 
15 between 0.0 and 1.0, and in which, molecule 1 shown in 
Figure 13 has an activity (Pj) of 0.5, molecule 2 has an 
activity (P 2 ) of 0.4, molecule 3 has an activity (P 3 ) of 
0.8 and molecule 4 has an activity (P A ) of 0.2. 

20 Figure 14 shows the key information, including the 
calculated properties for each key in this illustrative 
example, stored in key property store 48 at step S32. 

Referring to Figure 14, key 1 appears in two molecules, 
25 namely molecule 1 and molecule 3. Therefore, the 
contribution that key 1 makes to an activity level of 0.5 
(this being the activity level of molecule 1) is h since 
key 1 appears once in molecule 1 and twice in all 
molecules. Similarly, the contribution that key 1 makes 
30 to an activity level of 0.8 (this being the activity 
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level of molecule 3) is also Key 1 does not 

contribute anything to an activity level of 0.4 (activity 
level of molecule 2) or 0.2 (the activity level of 
molecule 4) since it does not occur in these molecules. 

5 

Key 3 appears once in each of molecules 1, 2 and 3. 
Accordingly, the calculated property for key 3 is 1/3 at 
activity level 0.5, 1/3 at activity level 0.4, and 1/3 
at activity level 0.8. 

10 

Key 6 appears once in molecule 2, twice in molecule 3 and 
once in molecule 4 . The calculated property for key 6 
is, therefore, h at activity level 0.4, h at activity 
level 0.8 (since key 6 appears twice in molecule 3) and 
15 h at activity level 0.2. 

Referring again to Figure 4, at step S34, fixed length 
encoding molecule 50 uses the key properties defined at 
step S32 and the physical properties calculated at step 

20 S22 to encode each molecule in the training set in a 
fixed length format. In this embodiment, the encoding 
at step S34 is performed for each molecule by, firstly, 
reading the keys from the key library store 4 2 which are 
in the molecule (previously stored at step S26) and the 

25 property calculated for each of those keys from the key 
property store 48 (stored at step S32), calculating 
values comprising the sum of each of the individual key 

BNSDOCID. <WO_9835599A1J_> 



WO 99/35599 



PCT/GB99/00046 



24 

properties, and, in effect, storing the calculated values 
in a histogram having a predetermined number of bins in 
key histogram store 52 , and secondly, using the histogram 
numbers together with the numbers from the physical 
5 property store 38 calculated at step S22 for the physical 
properties as the encoding for the molecule. This 
processing therefore encodes arbitrary molecules of 
unknown size (unknown number of constituent atoms) with 
a predetermined number of numbers (which are defined 
10 using a predetermined number of bits in a digital 
signal ) . 

Referring again to the illustrative example in Figure 14, 
for molecule 1, fixed length encoding module 50 adds the 

15 contribution that the keys in molecule 1 (that is, keys 
1, 2, 3 and 4) make to activity level 0.5 and stores the 
total (1.83) in a histogram for the bin 0.5. Similarly, 
fixed length encoding module 50 adds the respective 
contributions that keys 1 to 4 make to activity level 0.4 

20 and stores the total (0.33) in the bin for 0.4 in the 
histogram, adds the respective contributions that keys 
1 to 4 make to the activity level of 0.8 and stores the 
total (1.33) in the bin for 0.8 in the histogram, and 
adds the respective contributions that keys 1 to 4 make 

25 to the activity level of 0.2 and stores the total (0.5) 
in the bin for 0.2 in the histogram. 
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Figure 15a shows the histogram formed as described above 
for molecule 1. In this embodiment, CPU 4 provides 10 
bins in the histogram, and therefore defines and stores 
ten histogram numbers for each molecule, the numbers for 
5 molecule 1 being 0, 0.5, 0, 0,33, 1,83, 0, 0, 1.33, 0, 
0. 

Fixed length encoding module 50 then uses the physical 
properties of the molecule previously calculated at step 

10 S22 to produce signals defining a fixed length encoding 
of the molecule. More particularly, CPU 4 uses the 10 
values in the histogram for the molecule together with 
the values of the 5 physical properties calculated at 
step S22 to produce a signal having 15 values comprising 

15 an encoded format of the molecule. 

Figures 15b, 15c and 15d show respectively the histograms 
formed at step S34 by fixed length encoding module 50 for 
molecules 2, 3 and 4 in the illustrative example of 

20 Figure 14. Again, fixed length encoding module 50 
produces signals defining 15 values for each molecule 
comprising a respective value in each of the ten buckets 
of the histogram together with the respective value of 
each of the five physical properties previously 

25 calculated at step S22, thereby encoding each molecule 
with a fixed length format (15 numbers which can be 
defined using a predetermined number of bits)* 
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Referring again to Figure 3, after performing the 
processing operations in data encoder 30 described above 
with respect to Figure 4, CPU 4 inputs each respective 
one of the 15 numbers I1-I15 encoding a given input 
5 molecule M to a respective one of the input neurons of 
neural network 60. At the same time, CPU 4 applies a 
signal defining the measured property P of the molecule 
to the single output neuron of the neural network 60. 
This is done for each of the molecules M^Mn and their 
10 measured properties Pi-P n in the training set to train 
the neural network in a conventional manner. This 
produces a trained neural network, which can then be used 
to predict the properties of molecules which are not in 
the training set. 

15 

Having trained the neural network 60, the first stage of 
processing is complete. 

Figure 16 shows the functional processing elements in 
20 computer 2 used in the second stage of processing to 
predict the property P n+1 of a molecule M tl + 1 which was not 
in the training set . The elements are the same as those 
shown in, and described above with respect to, Figure 3, 
with the exception that key analyser 44 and measured 
25 property store 46 are not used during prediction (and 
hence are not shown in Figure 16 ) and key library store 
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42 is replaced by key store 54. 

Referring to Figure 16 , the Molfile defining the compound 
H n+1 to be processed is input to the data encoder 30, 
5 which now contains key property data stored in key 
property store 48 at step S32 (Figure 4) during training* 

Figure 17 shows the processing operations performed by 
CPU 4 within the data encoder 30 during the second stage 
10 of processing. 

Referring to Figure 16 and Figure 17 , at step S100 , 
molecule analyser 32 reads the input Molfile from Molfile 
store 34 , and at step S102 identifies and stores the 
15 active atoms and physical properties of the input 
molecule in the same way that these were identified and 
stored at step S22 described above. 

At step S104, key definition module 40 defines the keys 
20 within the input molecule in the same way that the keys 
were defined at step S24 . Key definition module 40 
stores the defined keys in key store 54. 

At step S106, fixed length encoding module 50 reads the 
25 key properties previously defined on the basis of the 
training data at step S32 from the key property store 48. 
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At step S108, fixed length encoding module 50 encodes the 
input molecule using the keys in the input molecule M^j 
stored in key store 54 at step S104, the key properties 
previously stored in key property store 48 at step S32 
5 during training, and the physical properties of the input 
molecule stored in physical property store 38 at step 
S102. This encoding is performed in the same way that 
each molecule was encoded at step S34 . 

10 If the input molecule contains a key which is not one for 
which key properties are stored in key property store 4 8 
(that is, the input molecule contains a key which was 
not present in any of the molecules Mj-Mn in the training 
set) then, in this embodiment, the key is ignored by 

15 fixed length encoding module 50. 

Referring again to Figure 16, the 15 numbers Ii-I 15 
encoding the input molecule are input to the trained 
neural network 60, which outputs in response thereto the 

20 predicted value P n+1 for the property of the input 
molecule. Thus, referring to the example of the 
imaginary molecules described above, neural network 60 
outputs a predicted value between 0 and 1 for the 
activity level of the input molecule against the 

25 predetermined cancer assay. 
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After all input molecules which are not in the training 
set have been processed as described above, step S2 
(Figure 1) is complete. 

5 Referring again to Figure 1, at step S4, molecules 
predicted at step S2 to have a favourable property value 
( for example an activity level against a particular 
cancer assay which is greater than predetermined value) 
are synthesised and tested in a conventional manner in 
10 the laboratory, clinical trials etc. 

At step S6, a compound is manufactured containing one or 
more of the molecules tested at step S4 which was found 
to have the required properties. Of course, the compound 
15 may include other molecules, for example as carriers etc. 

The embodiment described above may be modified in a 
number of ways . 

20 In the embodiment above, data encoder 30 and neural 
network 60 are provided in the same computer 2. 
Similarly, after training, prediction of the molecules' 
properties is carried out using the data encoder and 
trained neural network in the same computer. 

25 Alternatively, data defining the data encoder 30 with 
key property data stored in key property store 48 may be 
transferred to train a neural network in a different 
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computer. Similarly, data defining the data encoder 30 
with the key property data stored in key property store 
48 and/or data defining the trained neural network 6 0 may 
be transferred to a different computer in order to 
5 predict the properties of molecules not in the training 
set. As well, during prediction of properties (Figure 
16) a data encoder without key data stored in key 
property store 48 may be used to identify active atoms 
and define keys (steps S100, S102 and S104 in Figure 17), 
10 and key properties may be read (step S106) from a key 
property store held elsewhere, such as a remote database, 
to enable encoding to be performed (step S108). 

During training, if the number of input molecules in the 
training data which do not possess a particular property 
(for example they are inactive against a predetermined 
cancer assay) greatly outnumber the number of input 
molecules which possess the property, the neural network 
can become biased by the training. This is because most 
techniques will tend to err on the side of classifying 
an active compound as inactive because the cumulative 
error of misclassif ication of active compounds (false 
negatives) contributes little error when compared to the 
much larger accurate classification of inaccurate 
compounds (true negatives). This problem can be 
addressed by modifying the training algorithm or by using 
unbiased subsets of the training data. For example, in 
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one approach a training algorithm may be used which seeks 
to minimise the maximum error, such as the minimax 
algorithms discussed in "Neural Networks for Pattern 
Recognition" by CM. Bishop, Oxford University Press, 
5 1995, ISBN 0198538642. 



In the embodiment above, at steps S22 and S102, molecule 
analyser 32 identifies active atoms by determining each 
atom which (i) is not hydrogen or carbon, (ii) is 
10 charged, or (iii) is a virtual atom at the centre of an 
aromatic ring. Different conditions may be used instead 
of, or in addition to, these conditions to identify 
active atoms. For example, the following conditions 
could be used : 



15 



20 



the atom is any atom within an aromatic ring; 

the atom is carbon with at least one double bond to 
an another atom; 



the atom is not hydrogen and is bonded to at least 
one atom deemed active by any other condition. 



The identification of active atoms at steps S22 and S102 
25 could be omitted, and keys could be defined at steps S24 
and SI 04 using all atoms in a molecule. However, this 
would significantly increase the number of keys generated 
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since, if keys are identified from among N atoms and the 
number of atoms in each key is n, then the number of 
unique keys is: 

N\ 

n\ (N-n) ! 

5 

The physical properties identified by molecule analyser 
32 at steps S22 and S102 may be different to those 
described in the embodiment above. For example, physical 
properties which may be used in addition to, or instead 
10 of some or all, of the physical properties described in 
the embodiment above include boiling point, melting 
point, freezing point, proportion of hydrogen, and 
whether the molecule is chiral. 

15 In addition, some or all of the physical properties may 
be omitted. (If all of the physical properties are 
omitted, each molecule would be encoded using the numbers 
from the histogram produced at step S34 or step S108.) 

20 In the embodiment above, at steps S24 and S104, key 
definition module 40 defines the atoms in a key on the 
basis of atomic number. In addition, or instead, mass 
number, valency and/or charge may be used. Also, in 
addition to, or instead of, encoding the topological 

25 arrangement of the atoms using the number of bonds 
between atoms in the key and the degree of freedom of the 
bonds, the absolute or relative distances between atoms 
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in the key and/or the angles between atoms in the key may 
be used. These measures, however, suffer from the 
problem that molecules are not static objects and, as 
they alter shape (conform), the distance and angle 
5 between atoms changes . This can be overcome to some 
extent by considering the minimal energy configuration 
( conf ormer ) . 

Instead of defining keys on the basis of three atoms, 
10 four or more atoms may be used. This enables chirality 
to be modelled. 

At steps S32/S34 and S108, different techniques can be 
used to encode a molecule. For example, at step S3 2, key 

15 analyser 44 may calculate an average property value for 
each key. Thus, referring to Figure 14 by way of 
example, the average property value for key 1 would be 
^(0.5 + 0.8), since key 1 is in molecule 1 which has an 
activity level of 0.5 and molecule 3 which has an 

20 activity level of 0.8. Similarly, the average activities 
for keys 2 f 3 and 4 would be respectively ^(0.5 + 0.2), 
0 . 5 + 0.4 + 0.8) and ^(0.5 + 0.8). The average 
activity for key 6 would be ^(0.4 + 0.8 + 0.8 + 0.2), the 
activity level 0.8 being considered twice since key 6 

25 appears twice in molecule 3. At step S34, fixed length 
encoding module 50 would then calculate a histogram of 
the average activities for each key in the molecule being 
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encoded. By way of example, Figure 18 shows the key 
histogram produced for molecule 1 in the example of 
Figures 13 and 14 using this modified form of processing. 

5 By way of further example, in the embodiment above at 
step S32, key analyser 44 may calculate the contribution 
of each key to a property value P £ of molecule M £ using 
equation ( 1 ) given in the embodiment above but without 
dividing by the number of molecules in which the key is 
10 found. 

Further examples of the way in which the molecule may be 
encoded using the key information include: 

15 An additional neural network may be used to create 

a model which maps each key to the properties of 
the molecules in which the key is found. The 
creation of such a model would seek to minimise the 
residual error of the predicted activities. Once 

20 created, the model could be used as a measure of 

key activity for the construction of a histogram. 

A vector could be constructed with an entry for 
each key. Each element of the vector could be set 
25 to the number of times its associated key appears 

within the molecule in question. 
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In the embodiment above, a back propagation neural 
network is used. However, different types of neural 
networks may be used. For example, a radial basis 
function network or a multi-layer perceptron as described 
in "Neural Networks for Pattern Recognition" by CM. 
Bishop, Oxford University Press, 1995, ISBN 0198538642 
may be used. A Kohonen network as described in "Self- 
Organisation and Associative Memory 2nd Edition" by 
Kohonen, Springer Verlag, 1988, ISBN 038718140 may be 
used . 

Neural network 60 may be replaced by a functional element 
performing conventional linear regression. Neural 
network 6 0 may also be replaced by a functional element 
15 comprising a generalised additive model, for example as 
described in "Generalised Additive Models M by T.J. Hastie 
and R.J. Tibshirani in Monographs on Statistical and 
Applied Probability, No. 43, Chapman & Hall- Neural 
network 60 may also be replaced by a functional element 
20 performing projection pursuit regression, for example as 
described in the Journal of the American Statistical 
Association, vol 76, No. 376 , pages 817-823 by J. 
Friedman & W. Stutzle, 1981. 



5 



10 
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CLAIMS 

1. A signal processing system, comprising: 

(a) first encoding means, comprising: 

5 means for processing input signals defining a 

plurality of molecules to define groups of atoms within 
each molecule; 

means for processing the defined groups and input 
signals defining a property of each of the plurality of 
10 molecules to define a characteristic of each group in 
dependence upon the property of molecules containing the 
group; and 

means for generating signals defining each of the 
plurality of molecules in dependence upon the defined 
15 characteristics; 

(b) second encoding means, comprising: 

means for processing input signals defining a 
further molecule to define groups of atoms within the 
further molecule; and 
20 means for generating signals defining the further 

molecule using the defined groups in the further molecule 
and the characteristics of the groups defined by the 
first encoding means; and 

(c) predicting means for generating a signal 
25 defining a predicted property of the further molecule by 

processing the signals generated by the first encoding 
means defining each of the plurality of molecules, 
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signals defining the property of each of the plurality 
of molecules, and the signals generated by the second 
encoding means defining the further molecule. 

5 2 . A system according to claim 1 , wherein the means for 
processing input signals in the first encoding means and 
the means for processing input signals in the second 
encoding means are each arranged to define groups 
containing a predetermined number of atoms. 

10 

3 . A system according to claim 2 , wherein the means for 
processing input signals in the first encoding means and 
the means for processing input signals in the second 
encoding means are each arranged to define all unique 

15 groups which contain the predetermined number of atoms. 

4 . A system according to any preceding claim , wherein 
the means for processing input signals in the first 
encoding means and the means for processing input signals 

20 in the second encoding means are each arranged to define 
groups containing at least three atoms . 

5. A system according to any preceding claim, wherein 
the means for processing input signals in the first 
25 encoding means and the means for processing input signals 
in the second encoding means are each arranged to process 
input signals defining a molecule in terms of a Molfile. 
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6. A system according to any preceding claim, wherein 
the means for processing input signals in the first 
encoding means and the means for processing input signals 
in the second encoding means are each arranged to 

5 identify atoms within an input molecule which satisfy at 
least one predetermined criterion, and to define the 
groups from the identified atoms. 

7. A system according to claim 6, wherein the means for 
10 processing input signals in the first encoding means and 

the means for processing input signals in the second 
encoding means are each arranged to identify active atoms 
which are likely to cause the input molecule to react, 
and to define the groups from the identified active 
15 atoms. 

8. A system according to any preceding claim, wherein 
the means for processing input signals in the first 
encoding means and the means for processing input signals 

20 in the second encoding means are each arranged to define 
a group of atoms using information identifying the atoms 
within the group and information relating to the relative 
positions of the atoms within the group. 



9. A system according to any preceding claim, wherein: 
the means for processing input signals in the first 
encoding means and the means for processing input signals 
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in the second encoding means are each arranged to define 
at least one physical property of each input molecule; 
and 

the means for generating signals in the first 
5 encoding means and the means for generating signals in 
the second encoding means are each arranged to generate 
the signals defining the molecule using further the 
defined physical properties of the molecule. 

10 10. A system according to claim 9, wherein the means for 
processing input signals in the first encoding means and 
the means for processing input signals in the second 
encoding means are each arranged to define a physical 
property comprising the relative amount of atoms within 

15 the molecule which are of a predetermined type. 

11. A system according to any preceding claim, wherein 
in the first encoding means: 

the means for processing the defined groups and the 

20 input signals defining a property of each of the 
plurality of molecules is arranged to define the 
characteristic of each group by calculating a value for 
the group for each molecule property; and 

the means for generating signals is arranged to 

25 define each molecule in dependence upon the cumulative 
values for each group in the molecule. 
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12. A system according to claim 11, wherein the means 
for generating signals is arranged to define each 
molecule in dependence upon a histogram of the values for 
each group in the molecule. 

13. A system according to any preceding claim, wherein 
the means for generating signals in the first encoding 
means and the means for generating signals in the second 
encoding means are each arranged to generate signals of 
a fixed length defining the molecule. 

14. A method according to any preceding claim, wherein 
the predicting means comprises a neural network. 

15. A method according to any of claims 1 to 13, wherein 
the predicting means comprises means arranged to perform 
statistical analysis. 

16. A method of processing signals defining input 
molecules to produce signals conveying a predicted 
property of a molecule, comprising the steps of: 

(a) first encoding, comprising: 

processing input signals defining a plurality of 
molecules to define groups of atoms within each molecule; 

processing the defined groups and input signals 
defining a property of each of the plurality of molecules 
to define a characteristic of each group in dependence 
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upon the property of molecules containing the group; and 
generating signals defining each of the plurality 

of molecules in dependence upon the defined 

characteristics ; 
5 (b) second encoding, comprising: 

processing input signals defining a further molecule 

to define groups of atoms within the further molecule; 

and 

generating signals defining the further molecule 
10 using the defined groups in the further molecule and the 

characteristics of the groups defined by the first 

encoding step; and 

(c) generating a signal defining a predicted 

property of the further molecule by processing the 
15 signals generated in the first encoding step defining 

each of the plurality of molecules, signals defining the 

property of each of the plurality of molecules , and the 

signals generated in the second encoding step defining 

the further molecule. 

20 

17. A method according to claim 16, wherein, in the step 
of processing input signals in the first encoding step 
and in the step of processing input signals in the second 
encoding step, groups containing a predetermined number 

25 of atoms are defined. 

18. A method according to claim 17, wherein, in the step 
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of processing input signals in the first encoding step 
and in the step of processing input signals in the second 
encoding step, all unique groups which contain the 
predetermined number of atoms are defined. 

5 

19. A method according to any of claims 16 to 18, 
wherein, in the step of processing input signals in the 
first encoding step and in the step of processing input 
signals in the second encoding step, groups containing 

10 at least three atoms are defined. 

20. A method according to any of claims 16 to 19, 
wherein, in the step of processing input signals in the 
first encoding step and in the step of processing input 

15 signals in the second encoding step, input signals 
defining a molecule in terms of a Molfile are processed. 

21. A method according to any of claims 16 to 20, 
wherein, in the step of processing input signals in the 

20 first encoding step and in the step of processing input 
signals in the second encoding step, atoms are identified 
within an input molecule which satisfy at least one 
predetermined criterion, and the groups are defined from 
the identified atoms . 

25 

22. A method according to claim 21, wherein, in the step 
of processing input signals in the first encoding step 
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and in the step of processing input signals in the second 
encoding step, active atoms which are likely to cause the 
input molecule to react are identified, and the groups 
are defined from the identified active atoms. 

5 

23. A method according to any of claims 16 to 22, 
wherein, in the step of processing input signals in the 
first encoding step and in the step of processing input 
signals in the second encoding step, a group of atoms is 

10 defined using information identifying the atoms within 
the group and information relating to the relative 
positions of the atoms within the group. 

24. A method according to any of claims 16 to 23, 
15 wherein: 

in the step of processing input signals in the first 
encoding step and in the step of processing input signals 
in the second encoding step, at least one physical 
property of each input molecule is also defined; and 
20 in the step of generating signals in the first 

encoding step and in the step of generating signals in 
the second encoding step, the signals defining the 
molecule are generated using the defined physical 
properties of the molecule as well . 

25 

25. A method according to claim 24, wherein, in the step 
of processing input signals in the first encoding step 
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and in the step of processing input signals in the second 
encoding step, a physical property is defined comprising 
the relative amount of atoms within the molecule which 
are of a predetermined type. 

5 

26. A system according to any of claims 16 to 25, 
wherein, in the first encoding step: 

in the step of processing the defined groups and the 
input signals defining a property of each of the 
10 plurality of molecules, the characteristic of each group 
is defined by calculating a value for the group for each 
molecule property; and 

in the step of generating signals, each molecule is 
defined in dependence upon the cumulative values for each 
15 group in the molecule. 

27. A method according to claim 26, wherein, in the step 
of generating signals, each molecule is defined in 
dependence upon a histogram of the values for each group 

20 in the molecule. 

28. A method according to any of claims 16 to 27, 
wherein, in the step of generating signals in the first 
encoding step and in the step of generating signals in 

25 the second encoding step, signals of a fixed length 
defining the molecule are generated. 
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29. A method according to any of claims 16 to 28 , 
wherein a neural network is used in the predicting step, 

30. A method according to any of claims 16 to 28, 
5 wherein statistical analysis is used in the predicting 

step . 

31. A signal processing system, comprising: 

(a) encoding means comprising: 

10 storage means storing data defining a plurality of 

groups of atoms and a characteristic associated with each 
group; 

means for processing input signals defining a 
molecule to define groups of atoms within the molecule; 
15 and 

means for generating signals defining the molecule 
using the defined groups and the stored data; and 

(b) trained predicting means, comprising predicting 
means trained on the basis of data corresponding to the 

20 data stored in the encoding means for processing the 
signals generated by the encoding means defining the 
molecule to generate a signal defining a predicted 
property of the molecule* 

25 32. Signal processing apparatus, comprising: 

(a) first encoding means, comprising: 
means for processing input signals defining a 



9905599A1 I > 



WO 99/35599 



PCT/GB99/00046 



- 46 - 

plurality of molecules to define groups of atoms within 
each molecule; 

means for processing the defined groups and input 
signals defining a property of each of the plurality of 
molecules to define a characteristic of each group in 
dependence upon the property of molecules containing the 
group; and 

means for generating signals defining each of the 
plurality of molecules in dependence upon the defined 
characteristics; and 

(b) second encoding means, comprising: 

means for processing input signals defining a 
further molecule to define groups of atoms within the 
further molecule; and 

means for generating signals defining the further 
molecule using the defined groups in the further molecule 
and the characteristics of the groups defined by the 
first encoding means. 

33. Signal processing apparatus, comprising: 

means for processing input signals defining a 
plurality of molecules to define groups of atoms within 
each molecule; 

means for processing the defined groups and input 
signals defining a property of each of the plurality of 
molecules to define a characteristic of each group in 
dependence upon the property of molecules containing the 
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group; and 

means for generating signals defining each of the 
plurality of molecules in dependence upon the defined 
characteristics . 

5 

34. Signal processing apparatus, comprising: 

storage means storing data defining a plurality of 
groups of atoms and a characteristic associated with each 
group; 

10 means for processing input signals defining a 

molecule to define groups of atoms within the molecule; 
and 

means for generating signals defining the molecule 
using the defined groups and the stored data. 

15 

35. Signal processing apparatus, comprising: 

means for processing input signals defining a 
molecule to define groups of atoms within the molecule* 

20 36. Signal processing apparatus, comprising: 

means for processing input signals defining groups 
of atoms within a plurality of molecules and signals 
defining a property of each of the plurality of molecules 
to generate signals defining a characteristic of each 

25 group in dependence upon the property of molecules 
containing the group. 
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37. Signal processing apparatus, comprising: 

means for processing signals defining groups of 
atoms within a plurality of molecules, and signals 
defining a characteristic of each group to generate 
5 signals defining at least one molecule in dependence upon 
the characteristic of each group in the molecule. 

38. Signal processing apparatus, comprising trained 
predicting means operable to process input signals 

10 defining an input molecule to generate a signal defining 
a predicted property of the molecule, wherein: 

(i) the predicting means has been trained by: 
processing input signals defining a plurality of 

molecules to define groups of atoms within each molecule; 

15 processing the defined groups and input signals 

defining a property of each of the plurality of molecules 
to define a characteristic of each group in dependence 
upon the property of molecules containing the group; and 
generating signals defining each of the plurality 

20 of molecules in dependence upon the defined 
characteristics; and 

inputting the signals defining each of the plurality 
of molecules together with signals defining the property 
of each of the plurality of molecules into the predicting 

25 means ; and 

(ii) the input signals defining the input molecule 
comprise signals generated by processing signals defining 
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the molecule to define groups of atoms with the molecule, 
and processing the defined groups within the molecule and 
the characteristics of the groups defined during training 
to generate input signals defining the molecule. 

5 

39. A method of processing signals defining a molecule 
to produce signals conveying a predicted property of the 
molecule, comprising: 

(a) an encoding step comprising: 

10 processing input signals defining a molecule to 

define groups of atoms within the molecule; and 

generating signals defining the molecule using the 
defined groups and encoding data defining a plurality of 
groups of atoms and a characteristic associated with each 

15 group; and 

(b) processing the signals generated by the 
encoding step using trained predicting means, comprising 
predicting means trained on the basis of data 
corresponding to the encoding data used in the encoding 

20 step, to generate a signal defining a predicted property 
of the molecule. 

40. A method of processing signals to produce signals 
encoding a molecule, comprising the steps of: 

25 (a) first encoding, comprising: 

processing input signals defining a plurality of 
molecules to define groups of atoms within each molecule; 
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processing the defined groups and input signals 
defining a property of each of the plurality of molecules 
to define a characteristic of each group in dependence 
upon the property of molecules containing the group; and 
5 generating signals defining each of the plurality 

of molecules in dependence upon the defined 
characteristics ; and 

(b) second encoding, comprising: 

processing input signals defining a further molecule 
10 to define groups of atoms within the further molecule; 
and 

generating signals defining the further molecule 
using the defined groups in the further molecule and the 
characteristics of the groups defined in the first 
15 encoding step. 

41. A method of processing signals to produce signals 
encoding molecules, comprising the steps of: 

processing input signals defining a plurality of 

20 molecules to define groups of atoms within each molecule; 

processing the defined groups and input signals 
defining a property of each of the plurality of molecules 
to define a characteristic of each group in dependence 
upon the property of molecules containing the group; and 

25 generating signals defining each of the plurality 

of molecules in dependence upon the defined 
characteristics . 
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42. A method of processing signals to produce signals 
encoding molecules, comprising the steps of: 

processing input signals defining a molecule to 
define groups of atoms within the molecule; and 
5 generating signals defining the molecule using the 

defined groups and data defining a plurality of groups 
of atoms and a characteristic associated with each group. 

43. A signal processing method, comprising processing 
10 input signals defining a molecule to define groups of 

atoms within the molecule. 

44. A signal processing method, comprising processing 
input signals defining groups of atoms within a plurality 

15 of molecules and signals defining a property of each of 
the plurality of molecules to generate signals defining 
a characteristic of each group in dependence upon the 
property of molecules containing the group. 

20 45. A method of processing signals to produce signals 
encoding a molecule, comprising processing signals 
defining groups of atoms within a plurality of molecules, 
and signals defining a characteristic of each group to 
generate signals defining at least one molecule in 

25 dependence upon the characteristic of each group in the 
molecule . 
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46. A signal processing method, comprising processing 
input signals defining an input molecule using trained 
predicting means to generate a signal defining a 
predicted property of the molecule, wherein: 

5 (i) the predicting means has been trained by: 

processing input signals defining a plurality of 
molecules to define groups of atoms within each molecule; 

processing the defined groups and input signals 
defining a property of each of the plurality of molecules 
10 to define a characteristic of each group in dependence 
upon the property of molecules containing the group; and 
generating signals defining each of the plurality 
of molecules in dependence upon the defined 
characteristics; and 
15 inputting the signals defining each of the plurality 

of molecules together with signals defining the property 
of each of the plurality of molecules into the predicting 
means ; and 

(ii) the input signals defining the input molecule 
20 comprise signals generated by processing signals defining 
the molecule to define groups of atoms with the molecule, 
and processing the defined groups within the molecule and 
the characteristics of the groups defined during training 
to generate input signals defining the molecule. 

25 

47. A method of processing signals to produce signals 
defining a molecule, comprising: 
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(a) performing a method according to claim 16, 
claim 39 or claim 46 to produce signals conveying a 
predicted property of a molecule; 

(b) using the predicted property to determine 
5 whether to select the molecule; and 

(c) if the molecule is selected in step (b) , 
generating a signal defining the molecule. 

48. A method according to any of claims 16 to 30 or 39 
10 to 47, further comprising the step of recording the 

signals either directly or indirectly. 

49. A storage device storing instructions for causing 
a programmable processing apparatus to perform a method 

15 according to any of claims 16 to 30 or 39 to 48. 

50. A signal conveying instructions for causing a 
programmable processing apparatus to perform a method 
according to any of claims 16 to 30 or 39 to 48. 

20 

51. A process of producing a compound, comprising: 

(a) performing a method according to claim 16, 
claim 39 or claim 4 6 to predict a property of a molecule; 

(b) using the predicted property to determine 
25 whether to select the molecule; and 

(c) if the molecule is selected in step (b), 
producing a compound containing the molecule. 
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52. A process of manufacturing a compound, comprising: 
(a) performing a method according to claim 16, 

claim 39 or claim 46 to predict a property for a 
plurality of molecules; 
5 (b) selecting molecules for testing in dependence 

upon the predicted properties; 

(c) testing the selected molecules; and 

(d) manufacturing a compound containing at least 
one tested molecule. 

10 

53. A compound produced by: 

(a) performing a method according to claim 16, 
claim 39 or claim 46 to predict a property of a molecule; 
and 

15 (b) producing a compound containing the molecule. 

54 . A compound containing a molecule having a property 
predicted by a method according to claim 16, claim 39 or 
claim 46. 

20 

55. Use of a method according to claim 16, claim 39, 
claim 46 or claim 47 in the production of a compound. 

56 . Use of a molecule identified using a method 
25 according to claim 16, claim 39 or claim 46 in the 

production of a compound. 
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57. Use of a molecule defined by signals produced using 
a method according to claim 47 in the production of a 
compound . 
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